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Water retention at 33 kPa

PROBLEM DEFINITION

How should we aggregate properties to represent larger scale Laboratory measured saturated hydraulic conductivity (Ks) will not
behavior? ly be a good app on of the effective Ks term in the Green-
Ampt mﬂltratlon formula (after Rawls et al, 1993):

There is no measurement technique or pedotransfer function (PTF) that
will directly provide effective soil properties at large scale — therefore some
up-scaling protocol is required.
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